StoryGraphs
Visualizing Character Interactions as a Timeline
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Contributions

m An automatic approach to visualize character interactions within videos as timeline charts
m Positions of character lines in the StoryGraph are formulated as an optimization problem trading off aesthetics and functionality
m Video scene change detection based on dynamic programming using cues such as shot threading
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m Shot threading

via SIFT matches ®E minimize number of crossings
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m Dynamic programming
Group shots into scenes to maximize internal color-based shot

similarity and retain shot-threads within one scene L(x) = LM (x) = LY (x) + Li(x) + Ly (x) + Le(x)
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Face tracking and recognition [Baumi2013]

Multi-pose face detector
and particle filter tracker

Multinomial logistic
regression classifiers
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m Impact of person identification on StoryGraphs

BBT (6) BUFFY (6) GOT (10)

#Characters 11 27 66

Mean Accuracy 92.36% 78.12% 75.25%

SG Presence Error Count 33 260 680

SG Presence Error Fraction 4.85% 8.08% 4.24%

= Quantitative evaluation
BBT-1 BBT-2 BF-1 BF-2 GOT-1 GOT-2

Move 0.32 0.34 0.46 0.29 0.30 0.21
MaxSep 0.45 0.67 0.30 0.34 0.34 0.43
Sep > 2 4 12 0 2 1 6
Sep < 0.5u, 1 1 1 0 1 3
#Cross 0 1 33 43 212 66




